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Abstract

In recent years, the number of couriers has been increasing and the occupation of
courier has become a hot job market today. On the National Day holiday in 2018, two
couriers were involved in fatal traffic accidents causing public concern. During the
COVID19 outbreak, due to the impact of the epidemic, in addition to many people have
joined the ranks of courier, most people have shifted to ovder food delivery for epidemic
prevention, resulting in the courier related issues (salary, traffic safety, labor disputes,
etc.) became hot topics for discussion. This research analyzed the accident data using
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basic descriptive statistics and then applied Geographic Information System(GIS) to
show the road sections with the largest number of courier accidents. The studied results
would provide preliminary improvement strategies to the relevant traffic, police and
government units, and delivery platform operators for their reference on operations
improvement.
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