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df.columns = df.columns.str.strip()
df = df.dropna(subset=['34, ¥ HAFHR-TE'])

# 2. BERNBORESTBRN
def perfect_classify(text):
text = stritext)

# [B—EE: fARNE] (DARKAMLBMIIE, HBRARDO)

external_keywords = [
‘N, RASRE, CRWRE, WRSR, SR,
'BURE', 'FTEOMAR', 'RTERF'

]

# ASRNE: NRE MREE) WHE, € mNssd) NRE

if any(word in text for word in external_keywords) or {'#&"' in text and '&' not in text and '#' not in text):
return 'SAERMRPEER"

# [BIES: HERERR/SRRE]
unknown keywords = ["EEMR', 'BHETR', 'HERRR, 'WERR, 'FEE', ‘|EE')
if any(word in text for word in unknown_keywords):

return 'EREMN/AMERE"

# [®E=

return

i ARSSZaH2A8NE)] (ESRETE. RADO0. FRISEES)
RERFEBNEEE'

# 3. EFERTSR
df[ BERE'] = df ['34. 05O TFER-TE' ] .apply(perfect_classify)
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